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Abstract

The Nash equilibrium solution concept for strategic form games is based on the as-

sumption of expected utility maximization. Reference dependent utility functions (in

which utility is determined not only by an outcome, but also by the relationship of the

outcome to a reference point) are a better predictor of behavior than expected utility.

In a repeated situation, the value of the previous payoff is a natural reference point for

evaluating each period’s payoff, and loss aversion implies that decreases are treated more

severely than increases. We characterize the equilibria of infinitely repeated games for the

case of extreme loss aversion, and show how these are related to the equilibria of stochastic

games with state-independent transitions.
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1 Introduction

Expected utility dominates the analysis of game-theoretic situations, despite overwhelming

evidence that it fails to adequately describe or predict human behavior. Kahneman and Tver-

sky’s (1979) prospect theory proposes an alternative to expected utility in which outcomes are

evaluated with respect to a reference point. Suchreference dependentutility functions are suc-

cessful in explaining many systematic deviations from the maximization of expected utility.
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Rabin (1996) writes that “reference dependence deserves to be, and is gradually becoming, an

important part of economic modeling.”

The most striking result of the investigation of reference-dependent utility functions is the

demonstration of existence of loss aversion. Experimental works in both the psychological

and the economic literature suggest that people are motivated to minimize losses (relative to

a reference point) much more than they are motivated to maximize gain. For example, Fish-

burn and Kochenberger (1979) empirically assessed utility functions over changes in wealth.

They found that the slope of the utility function below the reference point was on average

almost five times as steep as the slope above the reference point. Other examples emphasiz-

ing the different treatment of losses and gains (and implicitly or explicitly implying reference

dependence) are De Dreu, Emans and Van de Vliert (1992), Kahneman and Tversky (1979),

Kahneman, Knetsch and Thaler (1990, 1991), Kramer (1989), Taylor (1991), and Tversky and

Kahneman (1992)). Tversky and Kahneman (1991) state that “much experimental evidence

indicates that choice depends on the status quo or reference level: changes of reference point

often lead to reversals of preference.” The choices dealt with by Tversky and Kahneman were

single person decisions. Decision makers in their model evaluate situations while taking into

account how the situation was arrived at (reference dependence) and giving different treatment

to increases and decreases (loss aversion).

We present a model which implements the consequences of their model for the case of

repeated interaction between decision makers. Many interactions between decision makers

(persons, corporations, countries or other entities) are repeated continuously over a period of

time. It is reasonable to expect the actions taken in each encounter to depend on the outcomes

of previous contacts. This mode of repeated encounters is a good candidate for modeling with

repeated games. In a repeated game, the same interaction is repeated a number of times, with

payoffs at each stage depending on the actions taken by the players (the participants) at that

stage. For a survey on repeated games, see Mertens, Sorin and Zamir (1994a, 1994b and

1994c).

The methods generally used in the mathematics and economics literature for evaluating

streams of payoffs received in repeated games are (i) the sum of the stage payoffs, (ii) the

average payoff, or (iii) a discounted sum of the payoffs. Assuming that loss aversion and refer-

ence dependence are relevant factors in evaluating outcomes, one should take into account not
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only the stage payoffs themselves (the material payoffs), but also the differences between pairs

of payoffs. Thus, the stage payoffs, in addition to being carriers of utility, are also reference

points for future payoffs. For instance, an increasing stream of payoffs might be preferred to

one with decreases, if the sum of the material payoffs is the same in both cases. As in Tversky

and Kahneman (1991), “The basic intuition concerning loss aversion is that losses (outcomes

below the reference state) loom larger than corresponding gains (outcomes above the reference

state).”

In the model presented here, we assume that the stream of payoffs received in a repeated

game is evaluated with the utilities of the outcomes depending on the outcomes of previous

rounds. Losses will be regarded more severely than corresponding gains. Depending on the

importance of the changes in payoffs relative to the importance of the material payoffs them-

selves, this change in evaluation can lead to equilibria totally different from those found in

models with classical methods of evaluating streams of payoffs.

Shalev (1997a) axiomatized loss aversion in a multi-period model, in which a single deci-

sion maker evaluated payoff streams. Preferences over streams of payoffs were characterized

with a set of axioms, which include a weaker version of von-Neuman and Morgenstern’s in-

dependence axiom, that together accomodate preferences violating temporal monotonicity1.

Examples have been given both in the economic literature and in that of psychology, where

subjects have expressed preferences for streams in a way that violates temporal monotonicity.

For example, subjects preferred increasing streams of money to decreasing ones so strongly

that even dominated streams were preferred in some cases to those dominated by them. Ref-

erences to such cases are given in Shalev (1997a). The axioms in Shalev’s model are similar

to those in Gilboa (1989), which characterize variation aversion. This is no coincidence, and

in Section 5 we show an equivalence between variation and losses in a repeated game with

infinitely many periods, when the differences between pairs of payoffs (losses and gains) are

assumed to have more importance than the actual material payoffs.

Ferreira, Gilboa and Maschler (1995) deal with games in which the utilities of the players

may change during the play of the game. They derive an extension of the concept of Nash

equilibrium for these games which they call credible equilibrium. Similarly to the situation

1Temporal monotonicity states that if the outcome of streamv1 is preferred to the outcome of streamv2 in
every single period, then streamv1 should be preferred to streamv2.
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they present, in the model proposed in this paper the utilities of the players from outcomes

received in the present can depend on the actions chosen in the past. However, in contrast to

their paper, where the changes in utilities are exogenous and given as part of the description of

the game, in the model we present here the changes in utilities are endogenous and are derived

specifically from differences betwen pairs of consecutive payoffs.

In Rabin (1993) assumptions about fairness are used to modify the evaluation of outcomes

in a game. Similarly to what we do here, the modification of the evaluation of outcomes

is endogenous. In both the model presented by Rabin and in the model presented here, the

exogenous specification of the game initially includes only the material payoffs, and the psy-

chological assumptions are used to modify the evaluations of the outcomes in a consistent

manner. The modifications lead to the set of equilibria being different from the set of equilibria

obtained when only the material payoffs are taken into consideration. The results obtained by

Rabin have economic significance, reflecting certain stylized facts about fairness. Similarly,

the results obtained from the model with loss aversion are significant in that they reflect certain

conclusions found in experiments on loss aversion, such as those described in Tversky and

Kahneman (1991).

The paper is organized as follows. In Section 2 we examine the equilibria of three well-

known games when using loss aversion evaluation, and compare these to the case of regular

evaluation. Section 3 formalizes the model. Section 4 discusses finitely repeated games, while

Section 5 deals with infinitely repeated games, concentrating on situations with extreme loss

aversion. Section 6 contains some final remarks and directions for future research.

2 Basic Examples

The payoff evaluation used in the examples in this section is according to the following defi-

nitions. A more detailed discussion including the motivation of the definitions is given in Sec-

tion 3. A (one-shot) gameG is given byG= hN;S;hi, whereN = f1;2g is the set of players2,

Si; i = 1;2 the finite sets of pure strategies of the players;S= S1�S2, andh : S! IR2 the payoff

function. The gameG is repeatedT times. At each stage 1� t � T the players each choose

2We deal with more than two players in the general model.
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simultaneously one of their pure strategiesst
i 2 Si (they are allowed to use private randomiza-

tion devices to implement mixed actions). After each stage, the players are informed of the

actions chosen at that stage. Denote the material payoff to playeri in periodt by vt
i = hi(st

1;s
t
2).

The loss aversion payoff is defined asf t
i = minf0;λi(vt

i � vt�1
i )g, for t > 1, whereλi � 0 is

player i’s loss aversion coefficient, and reflects her degree of loss aversion. Thus, a decrease

in payoffs gives a negative loss aversion payoff, while an increase or a repetition of the same

payoff gives a loss aversion payoff of zero.

We define the loss aversion utility evalution of a stream of payoffs by

ui(v
1
i ; : : : ;v

T
i ) =

1
T

"
α

T

∑
t=1

vt
i +(1�α)

T

∑
t=2

f t
i

#
(1)

The constantα 2 [0;1] is situation dependent and reflects how relevant loss aversion is to the

situation. At the extreme points, ifα = 0, only decreases matter (and are to be avoided for

higher utility), and ifα = 1 only the material payoffs matter. The caseα = 1 is the standard

situation of repeated games without taking loss aversion into account and without discounting.

A deeper discussion of the payoff evaluation is given in Section 3.

If mixed actions are used, the expectation should be taken over streams, i.e. each possible

stream is evaluated according to (1), and an appropriately weighted average of these evalua-

tions gives the final utility. For example, if a strategy profile in a two-stage game gave playeri

the stream(1;�1) with probability 1
3 and the stream(�1;1) with probability 2

3, then her utility

from this lottery over streams is

1
3

�
1
2
[α(1�1)+(1�α)(�2λi)]

�
+

2
3

�
1
2
[α(�1+1)+(1�α)0]

�
=
�λi(1�α)

3
:

Note that the payoffs for playeri are first defined on the streams of outcomes, and then

defined for mixtures. This sequence is important.

Now that we have defined the payoff evaluation, we give some examples of games, and

examine some equilibria obtainable in these games with loss-aversion evaluation.
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2.1 Finitely Repeated Prisoners’ Dilemma

In the first example, loss-aversion evaluation can induce cooperation in the first periods of the

finitely repeated prisoners’ dilemma. With regular evaluation, defection at all stages is the only

equilibrium outcome. The material payoffs at each stage are given in the following table:

C D
C 4, 4 0, 5
D 5, 0 1, 1

C and D represent cooperation and defection respectively. The stage game is repeatedT

times. Forα close to one, the only equilibrium is the well-known one with both players de-

fecting at every stage. However, forα sufficiently close to zero (a situation where extreme

loss-aversion is assumed) and strictly positive loss-aversion coefficientsλi , we can find equi-

librium paths with cooperation continuing until the stage before last. An example of such a

strategy pair that is in equilibrium is the following. Both players have the same strategy, which

doesn’t depend on the history, and consists of playing C in the firstT � 1 periods, and D in

the last period. The payoff for each player is 4α� (1�α)3λi
T . Forα close enough to zero this

cannot be improved by any deviation, since the first term is negligible, and given the strategy

of the other player, with any deviation the multiplier of(1�α)λi
T is strictly less than�3 (the

sum of the decreases). For anyT, the path with both players playing D at each stage can be

supported in equilibrium, showing that loss-aversion evaluation enables cooperation, but does

not necessarily induce it.

2.2 Finitely Repeated Battle of the Sexes

The second example has the material payoffs of the stage game given by the battle of the sexes.

These payoffs are:

A B
A 2, 1 0, 0
B 0, 0 1, 2

If the game is repeated twice, withα sufficiently close to zero, then there are four pure

strategy equilibrium outcomes. In two of these, one of the coordinated outcomes is repeated

twice. In the other two, the equilibrium has the first round outcome of(B;A), giving payoffs
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of (0;0), and then either(A;A) or (B;B). A deviation by a player in the first round leads to the

players playing that players least preferred coordinated outcome in the second round. There are

other equilibria also (with mixed actions being played), such as the following, also withα close

to zero: both players play mixed actions in the first round, player 1 playing A with probability

5/7 and player 2 playing A with probability 2/7. In the second round, if the outcome in the

first round was (A,A) or (B,B), this outcome is repeated. If the outcome was one of the non-

coordinated ones, they play mixed actions, with player 1 playing A with probability 2/3 and

player 2 playing A with probability 1/3.

For more than 2 repetitions, the analysis of equilibria becomes more complex. For in-

stance, it is not true that the players’ actions in the last period (period T) always maximize their

expected stage payoff, given the other players action. In some cases they may be willing to

receive a lower expected payoff in round T if this gives a smaller chance of a loss relative to

the outcome in round T-1. To see this, we now examine in detail the equilibrium actions in the

last period of the thrice-repeated battle of the sexes, based on the outcome of the second period

(the only relevant historical information).

1. Outcome of (0,0) in period 2

In this case, since there can be no losses when comparing the second and third periods,

the only factor is maximization of expected payoffs for the third period, i.e. any of the 3

Nash equilibria of the stage game could be part of an equilibrium.

2. Outcome of (2,1) in period 2

(A,A) and (B,B) are the only pure action profiles that could constitute part of an equilib-

rium, and they do so for anyλ’s and anyα. Mixed actions that could constitute part of an

equilibrium are those for which player 2 plays A with probability1
3 and player 1 plays

A with probability 2α+(1�α)λ2
3α+2(1�α)λ2

. Whenα = 1 this is equal to 2/3, and whenα = 0 this is

equal to 1/2. Thus, as losses become more important, player 1 places more weight on the

action that could lead to player 2’s favourable outcome. Note that player 2 is indifferent

between her two actions (which is why she can play a mixed action), even though they

give her different expected material payoffs.

3. Outcome of (1,2) in period 2

This case is analogous to the previous one, reversing the roles of the two players.
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2.3 Finitely Repeated Matching Pennies

The last example is the game of matching pennies, with the following stage payoff matrix:

H T
H 1, -1 -1, 1
T -1, 1 1, -1

At the last stage, both players will mix their actions with equal probabilities in any equi-

librium, regardless of the values of theλi ’s andα. If the number of stages is large enough,

then pure actions can be supported in equilibrium at earlier stages with threats of punishment

after deviation from the equlibrium path. There also exists an equilibrium with both players

playing (1/2,1/2) unconditionally at all stages. We now investigate the possible equilibria in a

two-stage game. At the second stage, both players prefer 1 to�1, for any values ofλi andα,

after any first period outcome. Therefore, any equilibrium has both players mixing H and T

with probability 1
2 each. Moving now to the first stage, and taking as given the second stage

actions, an outcome of 1 at the first stage gives playeri a (loss aversion) utility ofα�(1�α)λi
2 ,

and an outcome of�1 givesα
2. Thus, forλi >

2α
1�α , playeri prefers�1 to 1 at the first stage. If

α is small enough, andλi > 0 for i = 1;2, then the only possible equilibrium has both players

mixing equiprobably also at stage 1. A similar analysis shows that for a 3-stage game withα

close enough to zero, there are no equilibria with pure actions at the first stage. All equilibria

start with both players playing each of their actions equiprobably. In the second stage of an

equilibrium path there could either be pure actions, repeating the realized outcome of the first

stage, or equiprobable mixtures by both players. The third and last stage of any equilibrium is

with equiprobable mixtures by both players. When there are more than 3 stages, pure actions

can be supported in equilibria at the beginning of the game, with threats of punishment (by

mixing) for deviating at the first stage. Such punishments are not necessary for stages after the

first one and before the last 2, as repeating the previous outcome is optimal for both players.

To summarize, this simple example shows that when differences between pairs of outcomes

are taken into consideration, the set of equilibria changes considerably. This same game, with-

out loss aversion (eitherλi = 0 8i or α = 1) admits only one equilibrium path - both players

mixing equiprobably at each and every stage.
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3 Notation and the Underlying Model

We use the following notation, some of which was given for the examples of the previous

section, and is repeated here for convenience.

We start with the elements of a repeated game with loss aversion evaluation. The first three

items define the stage game.

The set of players isN = f1;2; : : :;ng.

The (finite) set of pure actions of playeri in the stage game isSi . The set of actionn-tuples

is S= S1�S2� : : :�Sn.

The payoff function for playeri in the stage game (material payoffs) is given byhi : S! IR.

The vector of payoffs for all the players is denotedh= h1�h2� : : :�hn.

This defines the stage game with the material payoffs,hN;S;hi.

The number of stages in the game isT. T 2 f1;2; : : :g[∞. The case of finiteT is treated

in Section 4, and infinitely repeated games are addressed in Section 5.

The loss aversion coefficients of the players areλ = (λi)i2N, with λi � 0 for eachi. Higher

values ofλi indicate greater loss aversion of playeri. λi = 0 indicates that playeri is not loss

averse, and cares only about material payoffs.

The constantα 2 [0;1] is situation dependent and reflects how relevant loss aversion is to

the situation. The closerα is to 0, the more relevant are the losses relative to the material

payoffs. This is analogous to the scaling factorX used in Rabin (1993), where higher values

of X give more importance to the material payoffs. We assume here for convenience thatα is

common for all the players, but a model could be developed whereαi gave the the relevance of

the losses for playeri. This cannot be done simply by modifying theλi ’s.

The above definitions are the data of the game. The following items give the strategies, and

the evaluation of the payoffs.

The set of possible histories until (not including) staget is denoted byHt = St�1.

A (behavioral) strategy of playeri in the repeated game is given byσi = (σt
i)t=1;:::;T , where

σt
i : Ht ! ∆(Si) is the single period (mixed) action of playeri for periodt.

We denote byΣi the set of playeri’s strategies in the repeated game.
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A profile of actions in periodt is st = (st
i)i2N.

vt
i = hi(st) denotes the material payoff to playeri in periodt. The material payoffs for the

set of players is given byvt = (vt
i)i2N.

The loss aversion payoff for playeri at periodt is defined asf t
i = minf0;λi(vt

i �vt�1
i )g, for

t � 2, The functionf gives the disutility obtained from losses (relative to the previous period).

In a similar fashion one could add utility from gains (which loss aversion implies would be

less than the absolute value of the disutility of comparable losses). One of the simplifying

assumptions we make is ignoring the effect of gains and focusing only on the effect of losses.

When the game is repeated infinitely, this is without loss of generality, as we show in Lemma 1

that the average increase in payoffs (between adjacent stages) is equal to the average decrease

in payoffs. Shalev (1997a) gives a more general model (in a decision theoretical setup, i.e.

with a single player) in which both gains and losses are taken into account.

The utility evaluation of a stream, as used in the examples of Section 2, is given by

ui(v
1
i ; : : : ;v

T
i ) =

1
T

"
α

T

∑
t=1

vt
i +(1�α)

T

∑
t=2

f t
i

#
(2)

This is playeri’s T-period utility evaluation.

The functionu is based on a multiperiod representation of the value function used by Tver-

sky and Kahneman (1991), incorporating loss aversion and reference dependence. The refer-

ence point for evaluating the payoff at staget (for t > 1) is vt�1. Thus, we assume that the

reference points fully adjust to new payoffs, the moment they are received. For a discussion

on the speed of adjustment of reference points and the implications for different equilibrium

concepts, see Shalev (1997b).

A strategy profileσ induces a distribution over the sequences of outcomes. As described

in Section 2, each stream is evaluated according to (2), and the expectation is taken over these

evaluations. As usual,σ is a loss-aversion (Nash) equilibriumif no player i can strictly gain

from a unilateral deviation to a strategyσ0i .
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4 Remarks on Equilbria of the Finitely Repeated Game

1. Repetition of a Nash equilibrium of the stage game

Without taking loss aversion into account, the repetition of a Nash equlibrium of the

stage game always represents an equilibrium path of a finitely repeated supergame (e.g.

with strategies independent of the history). This is true also when loss aversion is used

in the evaluation of the payoff streams3. If the number of repetitions is large enough, and

α is close enough to zero,anypair of actions repeated at each stage (and not just those

representing a Nash equilibrium of the stage game) can be supported in equilibrium

for most of the periods of the repeated game (the last few may have to include mixed

actions).

2. Zero-sum stage games

If one is only interested in the material payoffs (and not the loss aversion payoffs), then

for a zero-sum stage game the equilibria are with each player’s expected stage payoffs

being equal to her value in the stage game. However, with loss aversion evaluation, the

repeated game is not generally zero-sum, as the evaluation of differences is not symmet-

rical for positive and negative payoffs. Since one player’s gain is the other player’s loss,

and losses are evaluated more severely than gains, the repeated zero-sum stage game with

loss aversion evaluation becomes a game with non-positive payoffs when loss-aversion

is highly relevant (α near zero).

3. Mixed actions and loss aversion evaluation

With (strictly) mixed actions at staget �1 and loss aversion evaluation of payoffs, the

players’ actions for staget (2� t � T) will in general depend on theoutcomeof stage

t�1, which is known only after staget�1. This is in contrast with the situation where

the evaluation is simply the sum (or weighted sum, discounted sum, or average) of the

material payoffs, in which case, along the equilibrium path, the actions need not depend

upon the outcomes of previous randomizations. The expectation of the payoff for the en-

3It is interesting to note that if we include a premium for gains (in addition to the penalty for losses), then this
is not necessarily true. For this method of evaluation, withα close to zero, the players prefer to have as low a
payoff as possible in the first period. In this case, some single-stage Nash equilibria cannot arise as the first stage
of equilibria of the repeated game. An example is the action profile(A;A) for the twice-repeated battle of the
sexes, which cannot appear as the first stage of an equilibrium.
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tire game with loss-aversion evaluation is not just a function of the expected one-round

payoffs, but a function of the expected one-round payoffs and the expected differences

(and the direction of these differences) between pairs of adjacent stage payoffs. There-

fore, to calculate the expected future payoff from any point in the game, one must take

into consideration the realization of the previous outcome.

4. Existence of loss-aversion equilibria

For every finitely repeated game with loss-aversion evalution of the payoffs there exists

a loss aversion equilibrium. One can regard the repeated game as an extensive game in

which the payoffs at each terminal node are calculated according to the loss aversion

formulae given in the model. This is a finite game, and therefore, any Nash equilibrium

of this game is a loss aversion equilibrium of the (equivalent) repeated game with loss

aversion evaluation. Since a Nash equilibrium is known to exist for any such game, a

loss aversion equilibrium exists for the equivalent game with loss aversion evaluation.

5. Dominating actions

Strictly dominating actions in the stage game need not be played in a loss aversion equi-

librium (except in the last stage). This can be seen in the example of the prisoners’

dilemma in the previous section. With regular evaluation (utility is the sum of the stage

payoffs), backwards induction leads us to infer that the only equilibrium path has the

players playing their dominating action at each stage.

5 Loss Aversion in Infinitely Repeated Games

Given an infinite stream of stage payoffs(v1
i ;v

2
i ; : : :), we use the following formula (limit of

averages) to evaluate the loss-aversion payoff:

ui(v
1
i ;v

2
i ; : : :) = lim

T!∞
sup

1
T

"
α

T

∑
t=1

vt
i +(1�α)

T

∑
t=2

f t
i

#
: (3)

A strategy profileσ is a loss-aversion equilibrium for the infinite case if the expected payoff

from σ cannot be improved upon by any player with a unilateral deviation fromσi .
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It is interesting to note that an infinitely repeated game with loss aversion payoffs can be

modeled by an appropriate stochastic game. The set of states of the game is the set of action

tuples, that we denoted byS, plus one initial state,s0. The transition matrix is simply that

from any state, playing actionss2 Scauses a sure transfer to states. Such transition matrices

characterize the game as a stochastic game with state-independent transitions. The stage payoff

of playeri, given states2Sand actionss0 2S, is αhi(s)+(1�α)(hi(s)�hi(s0))�. The payoffs

from actionss at states0 areh(s). Taking the limit of the averages evaluation, we arrive at the

formula (3).

Recall that the purpose ofα is to represent the importance of the material payoffs relative

to the importance of the changes in the material payoffs over time. Whenα is close to one this

represents low relevance of loss aversion, and whenα is close to zero this represents a situation

where loss aversion is highly relevant. Two interesting cases are the extremes. The caseα = 1

is when only the material payoffs count, which is equivalent to a regular repeated game without

discounting. The caseα = 0 is when the material payoffs are “immaterial”, and only losses

count. This is the situation we investigate in this section. The results reflect fully the loss

aversion aspects of the evaluation. We are not pretending that this is a realistic assumption for

common situations, but the analysis of this extreme case can be compared to results forα 6= 0

andα = 1. Similar propositions to the three given in this section hold for intermediate values

of α. A loss aversion equilibrium in an infinitely repeated game withα = 0 is characterized by

each player minimizing the average decrease in her payoff stream. As shown in the following

lemma, the utility of a stream of payoffsv= (v1;v2; : : :) to a playeri is equal to�λi (the loss

aversion coefficient of the player) multiplied by the average decrease between pairs of payoffs

(where increases are treated as a decrease of zero).

Note that the utility of a payoff streamv=(v1;v2; : : :) whenα= 0 is given byλi limT!∞ sup1
T ∑T

t=2(v
t
i�

vt�1
i )�, wherex� denotes min(0;x).

Lemma 1 For any payoff stream v= (v1;v2; : : :) from a repeated game withα = 0, the follow-

ing equations hold:

ui(v) = λi lim
T!∞

sup
1
T

T

∑
t=2

(vt
i �vt�1

i )�
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= λi lim
T!∞

sup
�1
T

T
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(vt
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Proof: For anyT � 2 it is true that
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Therefore, since

ui(v) = λi lim
T!∞

sup
1
T

T

∑
t=2

(vt
i �vt�1

i )�;

we have

ui(v) = λi lim
T!∞

sup
1
T

 
(vT
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i �vt�1

i )+

sincevT
i andv1

i are both bounded, as game payoffs. The last equality now follows from the fact

that

T

∑
t=2

jvt
i �vt�1

i j=
T

∑
t=2

(vt
i �vt�1

i )+�
T

∑
t=2

(vt
i �vt�1

i )�

for all T � 2. (Lemma 1)
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Since any payoff stream will give a non-positive payoff evaluation, a payoff of zero cannot

be improved upon. Thus, any strategy path where the players play fixed actions is in equilib-

rium, and is also efficient. To fully characterize the equilibria in the infinitely repeated game,

we will use a modification of the Folk Theorem. Any equilibrium is characterized by the pay-

offs being feasible and individually rational for all the players. We now investigate what are

the feasible and individually rational payoffs for loss-aversion evaluation. First we investigate

the feasible payoffs.

5.1 Feasibility

Given a stage gameG = (N;S;h), the feasible payoffs at each stage belong to the setV =

f(h1(s);h2(s); : : : ;hn(s)) j s2 Sg. The following proposition characterizes the nature of the

payoff evaluations that are feasible given a stage gameG. First, some notation. Define a

cycle of lengthk (k� 1) as a(k+1)-tuplec= (v1;v2; : : : ;vk+1 = v1), wherevs 6= vt for s 6= t,

s; t 2 f1;2; : : : ;kg, and eachvt belongs toV. Since the number of outcomes is finite, so is

the number of possible cycles. For a cyclec of lengthk, define the average cycle losses for

the players, denoted byδ(c) = (δ1(c);δ2(c); : : : ;δn(c)), by δi(c) = 1
k ∑k

t=1(v
t+1
i � vt

i )
�; i 2 N.

DefineδG as the set of average cycle losses from cycles over outcomes inG. This set is also

finite.

Proposition 1 The set of feasible outcomes in the infinitely repeated game G∞ with loss aver-

sion evaluation andα = 0 is equal to the set of convex combinations of elements ofδG, multi-

plied (coordinatewise) byλ.

Proof: Take an infinite payoff streamv= (v1
;v2

; : : :). We show that the utilities of the players

from this stream is equal to a convex combination of elements ofδG multiplied (coordinate by

coordinate by)λ.

Fix T � 2, and take ˜vT = (v1;v2; : : : ;vT). Find the first cycle in ˜vT . Denote itc1 and its

lengthk1. Remove the firstk1 elements of this cycle (all except the last one) from ˜vT , and we

are left with a payoff streamk1 elements shorter than ˜vT . Denote it ˜vT1. From the definition of
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ui ,

ui(ṽ
T) =

λi

T

T

∑
t=2

(vt �vt�1)� =
λik1

T
δi(c)+

�
T�k1

T

�
ui(ṽ

T1):

Continue with the first cycle remaining in ˜vT1, denoting itc2 and its lengthk2. Continue until

no cycles remain. Denote the number of cycles byr and the length of the remaining stream ˜vTr

by kr+1. Since ˜vTr contains no cycles, we havekr+1 � jSj. Thus,

ui(ṽ
T) = λi

r

∑
j=1

kj

T
δi(cj)+λi

kr+1

T
ui(ṽ

Tr ):

WhenT approaches infinity, the last term is negligible, and

ui(v) = lim
T!∞

supλi

r(T)

∑
j=1

kj

T
δi(cj)

for all i 2N, sou(v) is a convex combination of average cycle losses, multiplied coordinatewise

by λ.

For the other direction, we are given a convex combination,

ui = λi

r

∑
j=1

α jδi(cj)

with ∑r
j=1α j = 1, α j > 0 8 j, andδ(cj) 2 δG 8 j. Takeµj = b2sα jc, for fixed s� 1. Create

a stream of outcomes giving each cycleµj times, excluding the last element of the cycle each

time except the last. The number of cycles is no greater than 2s, so we have a finite length

stream. Repeat this stream infinitely many times, and we have a payoff stream whose payoff

is close to that of the finite stream. As we increases,
µj

∑r
k=1µk

gets closer toα j , and the payoff

valuation approaches the desired one. Ass tends to infinity, we receive the desired result.

(Proposition 1)

We have thus characterized the set of feasible payoffs that can be achieved by the players.

We now examine which of these payoffs are individually rational, and therefore can be reached

in an equilibrium.
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5.2 Individual Rationality

A payoff is individually rational for a player if it is at least as large as the minimal payoff

that she can ensure for herself (against all the others acting together, but not with correlated

mixtures). Thus,xi is an individually rational payoff for playeri if

xi � min
σ
�i2Σ

�i
max
σi2Σi

Ui(σ)

A strategyσ�i achieving this value will be denoted an optimal punishment strategy against

player i. Our first step is to characterize optimal punishment strategies. First we look at a

number of examples, with two players. The punisher in each case is player 2, the column

player.

Example 1:
L R

T 1, 1 0, 0
B 0, 0 1, 1

The severest punishment that player 2 can inflict is by mixing her two pure actions with

equal probabilities each round. Whatever strategy player 1 follows, her expected payoff change

per period is1
2, giving an average loss of1

4 per period.

Example 2:
L R

T 1, 1 0, 0
B 1, 1 0, 0

For this game the severest punishment player 2 can inflict on player 1 is by playingL at

even stages andR at odd stages. This gives a fixed change of 1 per period for player 1, which

is an average loss of12 per period.

Example 3:
L M R

T 6, 0 0, 0 4,0
B 0, 0 6, 0 4,0

If player 2 mixes between L and M

with equal probabilities at each stage, player 1 has an average change of 3 per period. However,

player 2 can punish even more severely. An optimal punishment strategy of player 2 is: play

R in stage 1. For stages after the first, if the outcome gave player 1 a payoff of 0, then play R.

Otherwise mix L and M with equal probabilities. The payoff stream will contain approximately

1
3 each of the three outcomes 6, 4 and 0 for player 1. Every 0 is followed by a 4, every 4 is
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followed by either a 6 or a 0 (equal probabilities), and every 6 is followed by either a 6 or a 0

(equal probabilities). Taking the averages, the expected change per period in player 1’s payoffs

is 10
3 , which is greater than 3.

From these three examples, it can be seen that optimal punishment strategies must some-

times include almost only mixed actions (i.e. the set of stages at which a pure action is taken is

finite), must sometimes include almost only pure actions, must sometimes include an infinite

number of both, and may depend on the history. The following proposition establishes the

existence of an optimal punishment strategy which is stationary (i.e. it depends only on the

previous outcome).

Proposition 2 An optimal punishment strategy against player i exists, in which the actions of

the other players at each stage are a function only of the actions in the last stage of the history,

and this function is the same at every stage (i.e. it is stationary).

Proof: The problem of finding an optimal punishment strategy is equivalent to finding

an optimal punishment strategy in the following stochastic game. The states are the possible

actionn-tuples of the stage game, previously denoted byS. The payoff to playeri at staget +1

from the actions at this stage is a function of her payoff in the stage game at staget (which is a

function of the state) and her payoff in the stage game at staget +1. This function is exactly

(vt+1� vt)
� = (hi(st+1)�hi(st))

�, wherest+1 is the action tuple at staget +1 andst is the

state at staget+1, which is the action tuple at staget. The transition rule is that (from any state

at staget), the new state at staget+1 is the action tuple played at staget, i.e. st . This stochastic

game has the state-independent-transition property, and therefore according to Solan (1998),

the other playersNnfig have stationary optimal punishment strategies when the evaluation of

the payoffs is according to the limit of the averages, as it is in our game. (Proposition 2)

In calculating the optimal punishment strategy (according to the proposition it is sufficient

to find the optimal action after each outcome), one must take into account both the expected

one-round differences, and also the expected distribution over the outcomes before the next

stage. As the following proposition shows, it is not enough to maximize the one-round differ-

ences in a “greedy” manner.
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Proposition 3 Maximizing the expected one-round differences in material payoffs for a player

(playing “greedy”) is not necessarily an optimal punishment.

Proof: To prove this statement it suffices to find a game in which “greedy” is not an optimal

punishment. We take the stage game to be the battle of the sexes (Section 2.2). Player 2 is the

punisher.

We first calculate the “greedy” strategy for Player 2. There are three states, corresponding

to outcomes 0, 1, and 2 for Player 1. For each statek 2 f0;1;2g, the strategy specifies a

probabilityqk of playing the first action. Denote a strategy by the triplet(q0;q1;q2), with qk

being the probability that Player 1 plays A in roundt +1 if the payoff in roundt to Player 1

wask. Simple calculations show that the optimal strategy to maximize expected one-round

differences is(1
3;1;

1
3).

Now assume that “greedy” is an optimal punishment strategy, i.e. it ensures that the pun-

ishment to Player 1 is at leastv, with v being the value of the stochastic game (we will reach a

contradiction to this assumption).

By the same arguments used in the previous proposition, Player 1 has an optimal stationary

strategy ensuring that the punishment will not exceedv. In particular, this strategy is a best

response against the “greedy” strategy played by Player 2, since we assumed that Player 1

cannot get a punishment less severe thanv against it.

Calculation shows that any stationary best response against “greedy” is of the formσ1 =

(1;0; r2), with r2 any probability. Since we assumed that “greedy” is optimal for Player 2, for

some value ofr2, σ1 is optimal for Player 1. However, there is a better strategy than “greedy”

againstanysuchσ1, which is(0;1;1).

Therefore, assuming that “greedy” is an optimal punishment strategy for Player 2 leads us

to the fact that none of theσ1 strategies are optimal, whereas the same assumption led us to the

fact that one of them is optimal. Therefore, “greedy” is not optimal. Proposition 3

6 Concluding Remarks

In the previous sections, we have examined the effects of assuming reference dependence and

loss aversion in repeated game situations. The exact assumptions we used focused on inter-
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period losses, while disregarding the effect of interperiod gains. This kind of assumption has

a drawback when the number of periods is finite, and there is scope to include the effect of

gains in future research on finitely repeated games. Another restriction which could be relaxed

is the assumption of extreme loss aversion (the utility of material payoffs is negligible relative

to the utility of changes). However, the tradeoff between utility of material payoffs and util-

ity of changes severely complicates the analysis. As the three examples at the beginning of

Section 5.2 show, the construction of “optimal” punishments is not trivial, and while giving

an existence proof, we leave open the question of how to construct an optimal punishment in

general situations.
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